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[1] Nitrogen oxides play a key role in tropospheric chemistry; to study the distribution
patterns of the corresponding anthropogenic emissions (fossil, industrial, waste), we

use three independent data sources: GOME measurements of the tropospheric NO, column
density fields, the EDGAR 3 emission inventory as an estimation of the anthropogenic
NO, emissions and nighttime images of worldwide human settlements seen by the DMSP
OLS satellite instrument as a proxy for these emission patterns. The uncertainties are
not known precisely for any of the fields. Using the MOZART-2 CTM, tropospheric
column density fields are calculated from the emission estimates, and transformations are
developed to turn the GOME columns into anthropogenic emission fields. Assuming
the errors of the three data sources (GOME, EDGAR, lights) to be independent, we are
able to determine ranges for the pattern errors of the column density fields and values for

the pattern errors of the source fields by a correlation analysis that connects relative
error (co)variances and correlation coefficients. That method was developed for this
investigation but can generally be used to calculate relative error variances of data sets, if
the errors of at least three of them can be assumed to be independent. We estimate the
pattern error of the EDGAR 3 anthropogenic NO, emission field as (27 + 5)%, which can
be reduced by combining all fields to (15 £ 3)%. By determining outliers, we identify
locations with high uncertainty that need further examination.
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1. Introduction

[2] For a long time, the global distribution of nitrogen
oxides (NO, = NO + NO,) could only be analyzed by
model calculations, using global chemistry transport models
(CTMs), because ground-based or air-borne measurement
campaigns were necessarily temporally and spatially
limited. As another approach, now satellite instruments
can measure atmospheric trace gas concentrations with
global coverage and fixed spatial and temporal resolution
over a long period of time. Since its launch in April 1995,
the satellite instrument GOME has been measuring spectra
in the UV and visible range that allow the retrieval of a
range of trace gases including NO,. Satellite measurements
and model calculations can easily be compared, as in both
cases mean values over a certain area are determined: The
satellite instrument measures the absorption along the
complete light path and model outputs are mean values of
the grid boxes given by the resolution of the model, whereas
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for in situ measurements it is difficult to decide whether
point measurements are representative for the corresponding
grid box of a global model. Unfortunately, both, model
calculations and satellite measurements may contain large
uncertainties which are difficult to estimate. Model errors
include emissions, transport and chemistry, and models are
not evaluated globally but only by comparison with mea-
surement campaigns or single stations. For the retrieval of
tropospheric trace gas concentrations from satellite spectra,
assumptions of local parameters such as cloud coverage,
surface albedo, and vertical profile of the retrieved trace gas
are necessary, which are often gained by modeling.

[3] In this analysis, we use GOME retrievals independent
of model calculations, the EDGAR 3 database that estimates
anthropogenic emissions based on economic and population
density data of the different countries, and the MOZART-2
global CTM. As an independent data source, we use
nighttime images of human settlements in the visible range
of the satellite instrument DMSP-OLS (defense meteoro-
logical satellite program, optical linescan system) as a proxy
for the pattern of the anthropogenic emissions. The aims of
this analysis are the quantification of pattern errors of the
EDGAR 3 anthropogenic NOy emissions (excluding bio-
mass burning and agriculture) and the GOME measure-
ments in the area dominated by anthropogenic emissions,
the construction of an optimized emission field, and the
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identification of outliers in the data sets to indicate areas
where the disagreements between the fields and therefore
the uncertainties are highest. The assumptions made in this
paper to achieve these aims are purely statistical and
different from the assumptions made in the GOME retriev-
als and models.

2. NO, Columns

[4] In this section, NO, column density fields are de-
scribed and a correlation analysis connecting spatial corre-
lation coefficients and relative error variances is carried out.

2.1. GOME Measurements

[5] The GOME (Global Ozone Monitoring Experiment)
instrument [Burrows et al., 1995] is situated onboard the
second European remote sensing satellite ERS-2, which was
launched April, 21st 1995. The satellite passes the equator
in a sun-synchronous polar orbit at 10:30 local time and
reaches global coverage at the equator after three days. The
instrument itself consists of four spectrometers with 1024
channels each in the UV and visible range. It operates in
nadir geometry, which means it is looking straight down to
the earth measuring the sunlight scattered back from the
earth and from the air column above.

2.1.1. Retrieval

[6] One of the data products retrieved from the GOME
measurements are tropospheric NO, column densities.
Retrievals have been carried out by Wenig [2001], Leue et
al. [2001], Richter and Burrows [2002], Martin et al. [2002,
2003], Niifs [2005], Boersma et al. [2004], and Beirle et al.
[2004]. The main steps from absorption spectra to tropo-
spheric column densities are: Calculation of the so called
slant column densities, separation of the stratospheric and
the tropospheric part of the columns, and conversion of the
slant columns into vertical columns. They are described in
detail in the publications cited above. The slant column
densities are calculated using the DOAS method [Platt et
al., 1979] using Lambert—Beer’s law, and give the integral
of the NO, along the lightpath from the sun through the
atmosphere of the earth scattered back to GOME. In
particular in the presence of clouds or aerosols, multiple
scattering also plays a role. The stratospheric part of the
NO, can be estimated using the reference sector method
(RSM), an image processing algorithm (IPA) or calculated
by a model of the stratosphere. For the RSM, the strato-
spheric NO, is assumed to have only a weak longitudinal
dependency. At each latitude, the columns in an area remote
of the known sources are assumed to be of stratospheric
origin and subtracted from the total columns. In the IPA it is
assumed that the columns over the oceans over cloudy
pixels are of stratospheric origin. The pattern of these pixels
is extrapolated over the continents. To convert slant column
densities into vertical column densities the so called air
mass factor (AMF), the ratio of the two quantities, is
applied. The AMF depends on the observing geometry
(scanning angle and solar zenith angle), but also on the
vertical profile of the absorbing trace gas, surface albedo,
cloud coverage, cloud height, and aerosol loading. It is
usually calculated by a radiative transfer model. Parameters
as vertical profile and aerosols are often calculated by a
chemical transport model (CTM) of the troposphere.
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2.1.2. GOME Leue and GOME Richter

[7] For the analysis carried out in this paper it is essential
that the errors of the fields examined can be assumed to be
independent. Since we will also examine model calcula-
tions from the global CTM MOZART-2 (see below), we
used only GOME retrievals that were done without use of
a CTM to calculate the vertical profile of NO, for the
AMF. This leaves three GOME retrievals: Leue et al.
[2001], Richter and Burrows [2002], and Beirle et al.
[2004]. The main advantage in the latter retrieval is the
high resolution of 80km x 40km (a special narrow
observing mode of GOME was used), which is paid for
by a longer time to reach global coverage and less data for
calculating mean values. As the resolution of this analysis
is limited by the model resolution T63 (~~1.87°lon x
1.89°lat), this advantage is not relevant here. So in this
paper, we will use the two earliest GOME retrievals: by
Leue et al. [2001], henceforth called GOME Leue, and by
Richter and Burrows [2002], henceforth called GOME
Richter. Both data sets consist of monthly mean values
for the period from 1996 to 2001 with a spatial resolution
of 0.5°lon x 0.5°lat. Both groups used the DOAS tech-
nique [Platt et al., 1979] to retrieve the slant column
densities and to avoid a CTM, and both groups assumed
the tropospheric vertical profile of NO, to be independent
of season and location. Leue et al. [2001] applied an IPA to
separate tropospheric and stratospheric NO,. They used all
pixels regardless of cloud coverage but applied a global
factor of four to correct for the influence of the clouds.
Richter and Burrows [2002] used the RSM for the sepa-
ration of the stratospheric NO,; their reference sector is
placed over the Pacific Ocean between 170°W and 180°W
longitude. They used only pixels with a cloud coverage of
less then 10%, so the influence of clouds on radiative
transfer is small. Therefore, their data set contains unde-
fined values where the cloud coverage was too high on too
many days in a given month.
2.1.3. Annual Mean Values

[8] In the following, correlations between annual mean
fields of the various data sets are determined at the resolu-
tion of the MOZART-2 model (T63, see below). Therefore,
the monthly values were averaged and the resolution was
changed. To deal with the gaps at undefined values in the
GOME Richter data set, at first a mean field for each of the
seven years from 1996 to 2001 was calculated. To avoid a
bias due to the annual variability, a pixel was assigned a
defined value only if the pixel was defined in all months of
that year. Then we averaged over the seven annual mean
fields. By this, the gaps could partly be filled if they were
defined in the mean of at least one of the years. After that
the resulting field was interpolated to the resolution T63. In
this step, a pixel was assigned a defined value only if at least
50% of the area of the pixel was covered with defined
values in the original resolution.

2.2. MOZART-2 Model Calculations

[v] MOZART (Model for OZone And Related chemical
Tracers) is a global 3D CTM developed at NCAR (National
Center of Atmospheric Research) in Boulder, Colorado,
NOAA/GFDL (General Fluid Dynamics Laboratory) in
Princeton, New Jersey, and at the Max Planck Institute for
Meteorology in Hamburg, Germany. The current version
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MOZART-2 is published [Horowitz et al., 2003] and
released as a community model.

[10] MOZART-2 simulates the mixing ratios of 63
chemical species from the surface of the earth up to the
lower stratosphere. The chemical mechanism contains 167
chemical and photochemical reactions. The calculations for
this study were done with a spatial resolution of T63
(~1.87°lon x 1.89°lat), 31 hybrid o—levels as vertical
coordinate, and a time step of 15 minutes. As meteoro-
logical constraint, analysis files from the European Centre
for Medium-Range Weather Forecast (ECMWF) of the
year 1995 were used.

[11] Especially for short-lived species such as NO,, a
crucial part of a CTM is the emission inventory used.
MOZART emissions are based on the EDGAR 3 inventory
(see section 2.2.1) with additions and modifications as
described by Horowitz et al. [2003]. A second model run
was done, for which the anthropogenic NO, emissions were
exchanged by a source based on satellite images of the
nighttime lights of the world, see section 2.2.2. In this
paper, we use the term anthropogenic as in the input files for
the MOZART model: by anthropogenic emissions we mean
fossil sources (energy and traffic), industrial processes and
waste; due to their different variations in time, anthropo-
genic biomass burning (often hard to distinguish from
wildfires) and agricultural emissions are part of the biogenic
(not necessarily natural) emissions.

2.2.1. Emission Inventory: EDGAR 3

[12] The current version of the emission inventory
EDGAR 3 (Emission Database for Global Atmospheric
Research) is an estimate for the year 1995 and was
described in detail by Olivier et al. [2001]. The main
steps for estimating anthropogenic emissions are the fol-
lowing: Compilation of economic activity data for all
countries of the world, transformation of these activity
data to emissions by use of national or regional emissions
factors for each included trace gas and finally mapping
these emissions to a geographical grid of the resolution
1° x 1° by use of gridded activity data maps. As default
population density maps (urban, rural) were used for fuel
combustion, except for power plants and industries in
Europe and except for steel and cement plants globally,
for which point source maps were used. The within-
country distribution of large scale biomass burning emis-
sions (forests and savannahs) were based on a ATSR
satellite data for fire counts in 1997. The uncertainty
for the estimation of the global source strength of the
anthropogenic NO, emissions is stated to be about 50%
(95% confidence interval, 25% at one standard deviation),
mainly due to the uncertainty in road transport and large
scale biomass burning emissions.

2.2.2. OLS: Nighttime Lights of the World

[13] As an independent distribution pattern, satellite
images of the Operational Linescan System (OLS, part of
the Defense Meteorological Satellite Program of the U.S.
Air Force) [Dubach and Ng, 1988] shall be used as a proxy
for the anthropogenic NO, emissions. Images from October
1994 until March 1995 were evaluated by Elvidge et al.
[2001], who constructed global maps with high resolution
(0.5km x 0.5km) of human settlements, fires, gas flares and
heavily lit fishing boats according to the frequency of
occurrence and the geographical location of the detected
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lights. The detector settings are such that even very weak
lights can be detected. The disadvantage of this is that for a
medium-sized town the detector is already saturated. So the
data product does not contain light intensities but for each
pixel the percentage of observations when this pixel was
detected as lighted. Most cities are detected at 90%—100%
of all observations, but small villages (=200 inhabitants) are
detected in only 10%—20% of the observations [Elvidge et
al., 2001]. Doll et al. [2000] analyzed country-total relation-
ships between the lighted area of the human settlements and
socioeconomic parameters such as population density, na-
tional gross product, electrical energy consumption and CO,
emissions. For the country-total relationship between
lighted area of human settlements and CO, emissions per
country from EDGAR 2 they found a correlation coefficient
of R = 0.89. Significant outliers were countries such as
Russia, China or North Korea, which according to the
authors is due to less bright street lighting in centrally
planned economies.

[14] We will use the lights of the human settlements as a
proxy for the pattern of the anthropogenic NO, emissions
(fossil, industrial and waste, see section 2.2): Much light
indicates the existence of many people with a certain
industrial infrastructure who are emitting much NO,. To
turn the lights into NO, emissions for the model we
integrated over all lighted pixels in each T63 box; to get
an emission density the result was divided by the total area
of the box. Due to the summation over more than 3500
pixels, an originally discrete quantity (percentage of lighted
observations, in most cases 100%) turns into a quasi
continuous quantity, as an emission field should be. We
assumed the anthropogenic emissions to have no annual
variability, which seems an acceptable approximation since
we will only analyze annual mean fields later. The field was
scaled with the total source strength of the anthropogenic
EDGAR 3 NOy emissions, so the distribution pattern of the
light-based source is independent of EDGAR, but not the
global source strength.

[15] At the resolution T63, the correlation coefficient
between EDGAR anthropogenic (without biomass burning
and agriculture) and the light source is R = 0.79. Assuming
no common errors, R> = 62% of common variance originate
in the true field contained in both. As the correlation of the
GOME retrievals to the light field is as good as that to
EDGAR (see Table 4), the remaining 38% variance of the
light field cannot entirely be caused by errors. This will be
quantified in section 3.2. Thus, at the resolution T63, a
combination improving both fields is possible and will be
carried out in section 3.3.

2.2.3. Model Column Densities

[16] Both with the standard model source files (based on
EDGAR 3) and with source files where the anthropogenic
NOy emissions were replaced by the light-based source, a
MOZART-2 model calculation of one and a half years was
done, of which only the last year was used to avoid
contamination by the spin-up in the model results.

[17] For better comparison with the GOME fields, a
model output at 10:30 local time (i.e. the GOME overpass
time) was used. Tropospheric column densities were calcu-
lated by integrating from the surface to the thermal tropo-
pause [WMO, 1957]. We did not use the RSM as in the
GOME retrieval by Richter and Burrows to avoid common
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Table 1. Spatial Correlation Coefficients R;; of the Four Column Density Fields X; *

All Grid Points Defined Restricted to Examined Area
Spatial Correlation MOZART Lights GOME Richter GOME Leue MOZART Lights GOME Richter GOME Leue
MOZART EDGAR 0.91 +0.01 0.72 £ 0.01 0.63 +0.02 0.84 + 0.02 0.71 £ 0.03 0.57 £ 0.03
MOZART lights 0.72 £ 0.01 0.66 + 0.02 0.69 + 0.03 0.61 +0.03
GOME Richter 0.85 £ 0.01 0.86 + 0.01

Stated errors: one standard deviation, gained by the bootstrap method, left: using all grid points defined in each data set, right: restricted to examined

area (see section 2.3.1).

errors between the two data fields. For the global annual
mean tropospheric NO, column density field, the modeled
local time (10:30) values are highly correlated to
corresponding columns based on daily mean values (R =
0.99), so for correlation analyses, it is not critical whether
daily mean values or local time values are used.

[18] In Table 1 (left) the spatial correlation coefficients of
the two model calculations with EDGAR and the lights
source and the two GOME retrievals at the grid points
defined in all sets are listed. The high correlations of the
model calculation with the anthropogenic NO, source based
on the lights with the satellite fields again justify the use of
the lights as proxy for anthropogenic emissions.

[19] Savage et al. [2004] correlated annual mean fields of
the tropospheric NO, column densities of the year 1997 of
GOME measurements and a model calculation by the
global CTM TOMCAT. They found a spatial correlation
coefficient of R = 0.79. The higher correlation can be
explained by the GOME retrievals they used: The tropo-
spheric vertical profile of the NO, used in the retrieval was
calculated by the same model TOMCAT the comparison
was done with later, and the subtraction of the stratospheric
part of the columns was done both for model and satellite
by a combination of RSM and stratospheric model. This
self consistent comparison allows the examination of errors
outside the assumptions made during the retrieval. In this
paper, however, we want to follow a different approach:
We want to minimize the common errors between the
examined fields to be sure that the common variance of
two fields is due to common truth rather than to common
errors.

[20] Since several direct comparisons between GOME
measurements and model calculations are published already
[e.g., Velders et al., 2001; Lauer et al., 2002; Savage et al.,
2004], in this paper, the fields shall be compared by
correlation analysis, with a purely statistical approach to
the errors. For a detailed discussion of GOME retrieval
errors, see, e.g., Boersma et al. [2004] and for model errors
see, e.g., Savage et al. [2004].

2.3. Correlation Analysis

[21] The correlation analysis, as described in Appendix
A, connects correlation coefficients with relative error
variances and covariances. It will be performed in those
areas dominated by anthropogenic emissions for the four
fields X;: MOZART EDGAR, X,: MOZART lights, Xj:
GOME Richter, X;: GOME Leue. For these column density
fields, error ranges will be given.
2.3.1. Area of the Analysis

[22] In the following, the global view is narrowed to those
areas dominated by anthropogenic emissions, because here

two independent estimations of the source field are avail-
able: EDGAR 3 and the lights. A second requirement is that
a grid point must be placed over land, since NO, columns
over the oceans will be dominated by transport rather than
by emissions. To include various coastal cities, a grid point
is taken into account if at least 10% of its area is land area.
Furthermore, all fields must have defined values in the
whole area of the analysis. To sum up, the area of the
analysis contains all grid points where (1) all four fields
have defined values, (2) % anthropogenic emissions
(EDGAR + lights) > other emissions EDGAR, and (3) land
fraction of area >10%. This leaves 1463 out of 18432 grid
points. The spatial correlation coefficients in this area are
listed in Table 1 (right), the masked fields are shown in
Figure 1.
2.3.2. Pattern Errors: Ranges

[23] As shown in Appendix A, pattern errors (e;;, e;) and
correlation coefficients (R;;) of data sets are connected by
equation (AS):

Rf/.(l —eij)zz (1 —en‘)(l _ejj)’

with e; and e; defined as the relative error variances and
covariances, respectively. For four fields, this equation
represents a system of six equations with ten unknown
variables: The pattern errors of the four fields e; and the
six relative error covariances e; between the fields. There
will surely be common errors between the two model
calculations because the MOZART errors are common in
both fields. Likewise, there will be common errors
between the two satellite retrievals because the data come
from the same instrument and the evaluation algorithms
are not independent. To assume independence of the errors
between the model calculations on the one hand and the
satellite retrievals on the other hand seems plausible: e;; =
e14 = ey3 = epq = 0. However, it is not possible to solve
the six equations for the remaining six variables: The
determinant of the system becomes zero in that case
which means there are either no solutions or an infinite
number. Solving the system for the four relative error
covariances yields:

Ry3Ris (1 —ei3)(1 — ex)

RisRy (1 —en)(l —ey)’ (1)

If all the error covariances are zero, the ratio of the
correlation coefficients on the left side of the equation
must be one, which means there is one degree of freedom
left and leaves an infinite number of solutions. If the ratio
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significantly differs from one, the system is inconsistent
with the assumptions and there are no solutions. Inserting

the correlation coefficients from Table 1 (right),
equation (1) yields:

RasRis _ 092 4 0.02,

Ri3Ro4

the error range was determined by the bootstrap method
[Efron, 1982], and corresponds to one standard deviation.
Thus, the assumption e;3 = ej4 = €3 = €4 = 0 is not
consistent with equation (A5) and the correlation coeffi-
cients in Table 1 (right). So we changed the assumption: We
suppose the errors between the model calculations on the
one hand and the satellite retrievals on the other hand to be as
independent as possible. Therefore, the relative error covar-
iances in the denominator on the right side of equation (1)
can be set to zero: e,z = ej4 = 0. Further, we distribute the
remaining error covariance symmetrically between the

RasRya ~ 0.04. This
Ri3Ro4

means we assume no common errors between MOZART
lights and GOME Richter as well as between MOZART
EDGAR and GOME Leue, but a small common error
fraction of 4% between MOZART EDGAR and GOME
Richter as well as MOZART lights and GOME Leue. This
is a purely statistical argument, we will not try to interpret
it physically. This assumption is consistent with the data,
but in that case there is one degree of freedom left. For
given (assumed) ez, €4, €33, €24, the remaining variables
€12, €34, €11, €22, €33 and ey4 can vary within ranges given

remaining variables: ej3 = ey =1 —

by the constraint that all of them are relative errors and so
must simultaneously lie between zero and one:

the ranges are listed in Table 2.

[24] If for one of the quantities a value in the allowed
range is chosen, then all the others are fixed. Limit 1 is the
limit of vanishing error covariance between the model
calculations (e;» = 0) and thus minimal errors for the
MOZART fields and maximal errors for the GOME fields.
Limit 2 is the result of vanishing error covariance between
the satellite retrievals and thus minimal errors of the GOME
fields (the pattern error of GOME Richter vanishes here as
well) and maximal errors of the MOZART fields. Varying
any of the variables beyond limit 1 would result in a
negative value for e, and beyond limit 2 in negative
values for e;; and es4. The range of the pattern error of
GOME Richter is the only one including zero: For this data
set we cannot exclude that its variance contains no error at
all.

[25] These error ranges will now approximatively be
compared to the error estimates given in the actual GOME
retrievals, using equation (A7). For this, the additional
assumption of normally distributed errors is necessary, see
Appendix A2. Richter and Burrows [2002] state that their
tropospheric columns could be up to a factor of two smaller
than the true columns, which corresponds to 5 = 0...1/2
and ¢ = 0 in equation (A7). Leue et al. [2001] estimate an
error range of 25% to 50%, corresponding to b= 1/4 ... 1/2
and again ¢ = 0. Inserting these values together with the
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Table 2. Ranges for the Pattern Errors e; (Relative Error
Variances) of the Fields X; and Corresponding Ranges for the
Weighting Factors w; for Standardized Fields®

Limit 1 Limit 2 Limit 1 Limit 2
Field X; Pattern Error ¢;; Weight w;
MOZART EDGAR 0.17 0.54 0.40 0.00
MOZART lights 0.15 0.53 0.49 0.00
GOME Richter 0.44 0.00 0.12 1.00
GOME Leue 0.60 0.28 —0.02 0.00

“Limit 1 corresponds to e;; = 0 and e34 = 0.44; limit 2 corresponds to
e34 =0 and e, = 0.45.

mean values X; and standard deviations o; of the fields in
the area of interest (Table 3) into equation (A7), yields
ericherapp = 0.0 ... 0.5 and e;yeqpp = 0.3 ... 1.0. These
error estimates based on the retrieval itself agree very well
with the independently gained error ranges from correlation
analysis in Table 2; they seem to be estimated rather
conservatively as it is often done if errors can only be
estimated roughly.
2.3.3. Weighting Factors: Ranges

[26] As described in Appendix A3, for fields with known
pattern errors, a combination field with minimized pattern
error can be constructed, with weighting factors w; accord-
ing to equation (A9). The error ranges of the fields corre-
spond to ranges for the weighting factors, each allowed
combination of e;; and e;; results in a unique set of w;. While
pattern errors and the fractions of the variances of the
original fields in the combination are independent of con-
stant scaling factors, this does not apply to the weighting
factors: They are inversely proportional to scaling factors of
the fields. Since neither mean values nor standard deviations
of the fields seem to be directly comparable (see Table 3),
for easier comparison, the fields were standardized before
calculating the ranges for the weighting factors w; The
limits of the ranges of the w; corresponding to the limits of
the ranges of the e; are shown in Table 2. At limit 1 (no
error covariance between the two model calculations),
MOZART EDGAR and MOZART lights contribute stron-
gest to the combination field, followed by GOME Richter,
whereas GOME Leue does not contribute. At limit 2
(maximal error covariance between the model calculations),
the pattern error of GOME Richter vanishes: A field that is
completely true would only get worse by mixing with other
fields, so here the combination field solely consists of
GOME Richter.

3. Anthropogenic NO, Emissions

[27] After examining tropospheric NO, column densities,
a correlation analysis shall now be applied to anthropo-
genic NO, emissions. To do this, at first emission fields
must be estimated from the satellite fields, then the pattern
errors of the emission fields can be determined in the area
dominated by anthropogenic emissions (see section 2.3.1).
Finally, a combined emission field with minimal pattern
error will be constructed. By a discussion of outliers, areas
will be identified where the disagreement of the emission
fields and thus the uncertainty of the combination field is
highest.
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3.1. Estimating Emissions From Satellite Columns

[28] In this section, several transformations will be intro-
duced to estimate emission fields from the GOME measure-
ments. These transformations shall be simple, and they shall
restrict the change of the distribution pattern of the GOME
fields to a sharpening of the original patterns without
imprinting model errors. An inversion of the model would
violate both requirements, the model will be used here only
to find transformations that improve the correlation of
model sources and columns.

[20] Due to the short lifetime of NO (=1 day), in the
spatial resolution used here (T63) the distribution patterns of
the emissions already closely correspond to those of the
tropospheric NO, column densities. Within the MOZART
model this can be quantified by the spatial correlation
between model sources and columns: Its value for the annual
mean fields of emissions and resulting tropospheric columns
is R = 0.82. This leaves 1 - R* ~ 32% unexplained variance
as a consequence of advection and turbulent diffusion as well
as a spatial dependency of the lifetime and the NO fraction of
the NOy. For the area dominated by anthropogenic emissions
(section 2.3.1), the correlation coefficient between anthro-
pogenic emissions and column densities is nearly the same
(R =0.83). At least within the model, the all other emissions
in that area (biomass burning, agriculture, soil emissions, and
air planes and lightning as volume sources) do not change the
pattern but rather have, together with a background concen-
tration, the effect of an offset; while their fraction of the
source strength in that area amounts to 17%, they contribute
only 1% to the spatial variance.

3.1.1. Lifetime, NO Fraction and Source Strength:
Scaling

[30] To construct a new source not only as a pattern, but
which can be used as input field for a CTM, we have to
assume a realistic source strength. Since a global scaling
factor does not influence the correlation coefficients, this
information cannot be gained by the pattern errors. For
simplicity, we will assume the strength of the anthropogenic
emissions of EDGAR 3 in the area dominated by anthro-
pogenic emissions to be correct, and scale the GOME fields
accordingly.

[31] Other scaling possibilities are to account for lifetime
and NO fraction of NO, by multiplying the column
densities either as a whole field with the global model
ratio of the annual mean of NO, sources to corresponding
tropospheric NO, columns (done by Leue et al. [2001]), or
grid point for grid point with the corresponding local value
(done by Martin et al. [2003]). Similar to the differences in
the mean values in Table 3, the total source strengths of the
resulting fields will differ, and scaling by local factors
gained from the model changes the patterns of the satellite

Table 3. Mean Values .X; and Standard Deviation o; of EDGAR 3
Anthropogenic and of the Annual Mean Tropospheric Column
Density Fields X;

Field .X; X; 0;
EDGAR 3 anthropogenic ~ 9.50 x 10%m 2"  6.12 x 10'%m s~
MOZART EDGAR 235 x 10%cm 233 x 10%cm ™
MOZART lights 234 x 10%cm 2 2.04 x 10%cm
GOME Richter 1.17 x 10%cm™2 0.92 x 10cm™2
GOME Leue 1.88 x 10"%cm ™2 0.93 x 10"cm ™2
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Figure 2. Cumulative frequency distribution. (top) Annual mean tropospheric column density fields of
MOZART EDGAR, GOME Richter, and GOME Leue scaled to the source strength of the anthropogenic
EDGAR emissions. (bottom) Annual mean of the anthropogenic emissions based on the same fields
estimated by applying the transformations described in subsections 3.1.1 to 3.1.4, both in comparison

with the EDGAR 3 anthropogenic emissions.

fields and is highly dependent both on model chemistry
and transport, even if the model meteorology field and
satellite measurements are of the same year. We therefore
chose the simple scaling described above.

[32] The global scaling, however, is not sufficient to
convert columns into sources: Figure 2 (top) shows the
cumulative frequency distributions F(X;) of the annual mean
EDGAR 3 anthropogenic emissions over the analyzed area,
of the corresponding MOZART calculation and of the
GOME tropospheric columns all scaled to the same source
strength over that area. Despite the scaling, the distributions
differ drastically, especially the high source values are not
obtained in any of the column fields. So further trans-
formations are needed. The model calculation will serve as
a testcase, because for the model columns the corresponding
anthropogenic emissions are known. The aims for the trans-
formed columns are as follows: (1) better reproduction of the
high values of EDGAR anthropogenic (better agreement of
the black and red curve in Figure 2 (top)), (2) agreement with
both the source strength and the variance of EDGAR
anthropogenic, and (3) high correlation with EDGAR an-
thropogenic. The following transformations to account for
turbulent diffusion and all those emissions not in our focus
were developed to achieve these aims and still be simple.
3.1.2. Turbulent Diffusion: Deconvolution

[33] Within the lifetime of one day, most of the model
transport goes to the neighboring grid points. An easy
possibility to simulate turbulent diffusion to the nearest
neighbors without the need of explicit assumptions about
meteorological parameters is a convolution with a kernel

I 11
K=11 n 1],
111

which contains a parameter #: The smaller n the stronger the
smoothing. This parameter was chosen to fulfill two criteria:
To maximize the correlation of convoluted sources and
corresponding model columns and simultaneously to
minimize the pattern error (see section 3.2) of the
satellite-based emission estimates gained by deconvoluting
the GOME fields with the same kernel. This combination
was achieved optimally for » = 8. The spatial correlation
coefficient between deconvoluted annual mean tropospheric
column densities and corresponding source fields increased
to R = 0.90.

3.1.3. Other Emissions and Background
Concentration: Offsets

[34] As explained above, emissions from biomass burn-
ing, agriculture, soil, air planes and lightning as well as
background concentrations have the effect of an offset even
in the model fields. The satellite fields may have additional
offsets of positive or negative signs resulting from the
subtraction of the stratospheric columns in the retrieval.
Similar to scaling factors, offsets have no influence on
correlation coefficients or pattern errors but have to be
eliminated to obtain a realistic emission field. It is assumed
here that the EDGAR 3 anthropogenic emissions don’t have
an offset; the offsets of the other fields are identified relative
to that field.

[35] To identify offsets, we focused on the small values in
the cumulated frequency distribution F(X;). In Figure 2
(top), the scale of the y-axis is chosen so that a Gaussian
distribution would be displayed as a straight line. For small
values, the slope of F(X;) of the scaled GOME fields is
nearly constant, which may be interpreted as Gaussian
noise, both instrumental and due to transport. After decon-
volution, this noise is even amplified. To eliminate the
offsets relative to EDGAR 3 anthropogenic, noise was
added to that source, which decreased the slope of the
corresponding F(X;) and shifted the beginning of that curve
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